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Conclusion/Future Goals
Introduction * We have got statistical results from air
* The ultimate goal for this project is to create an alert quality and wildfire data from 2018-
system for top retailers if the PM 2.5 level increases over a 2022 and converted them into visually
specific threshold due to a forest fire and to prevent false interpretable graphs.
alarms. * We have converted the area impacted
* The business objective for this forecasting model is to by wildfires into percentages in graph
prevent losses to top retailers during wildfires, increase forms by counties.
revenue, and to alert customers and suppliers regarding Figure 4. Wildfire Cycle * For our future, we plan to work on live
blocked routes to and away from top retailer. data to alert top retailers and would
* Our project scope focuses on wildfire prone areas in focus on additional areas that are
California, and within, the scope is narrowed to the top 5 o A quality PM2.5) prone to wildfires.
counties within California. Figure 3. Product Diagram
* The existing limitations might be that we cannot predict
wildfires at every specific top retailer location, no live data
is provided, and the data needs to be streamlined as much ast bala (20 1Ee22 | Aress underimpac > Aens Kol
as possible.
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* For the data collected, we used a statistical \
model formula to implement the data through R ) L ‘S’"":f“es ISSp-iiy 993 A0Lel We have sources our data from
_ _ _ e, tudy region o -
(Purdue Anvil) and build constraints for our = . _ e
del that includ line functi th » -1 County | California Air Resource Board and
model that includes, spline functions, smoo o o8 c0 - | o | CAL Fire
periodic spline functions, autoregressive error, Figure 2. California Counties

_ Figure 1. Mean Wildfire PM 2.5 in California
and other variables.
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