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MISO or Midcontinent Systems Operator 1s a regional transmission operator. In addition to Problem Statement: How does increasing EV proliferation impact future grid operations?
managing the grid for 15 US states and the Canadian province of Manitoba, MISO also manages To analyze our problem statement, our team thought of two research questions to guide us.
the energy market and partners with stakeholders to plan the grid of the future.
r""- \ Research Question #1: What 1s the current and future expected Research Question #2: What do the daily charging load profiles look
Problem Statement: How different constraints affect MISO’s solve time distribution of electric vehicles across MISO’s footprint? like on an hourly basis? What does this translate to in terms of load?
algorithm? »
A We researched some parameters and factors that we believe affect We analyzed data of load profiles across the US from years 2016 to
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- - Density of Electric Vehicle Charging Stations in the U.S. : : : :
S 5 We are currently comparing a series of vital factors that may influence an individual's Bl e veiclecharging saionspr 100 mies o puroad. While we conclusively determined the following:
T 102 % 10° decision to purchase an electric vehicle. 1. The cause for solve-time nefficiency was database structure lagtime. We also developed a
2 S ’\ i-- ‘A model to predict cases that may take additional amounts of time.
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High confidence intervals: Historical sales and exogenous variables are highly ® o u‘ addltlonally look mto. multimodal techniques for time-series prediction to present a feature set
uncorrelated. Most of variables - socioeconomic, number of income, etc - are white noise that can reliably predict the trend for EV sales.
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e 2 statista % We hope that the extended extent of knowledge obtained by what we discover allows MISO to
p - Despite the complicated set of tracked information, the latent features generated during the _ _ _ better plan for the EV-enabled future we expect to live soon.
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