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The Spacecraft Data Wrangler creates a streamlined way for non-experts to analyze satellite telemetry data. There is a large backlog of unparsed historical
spacecraft data in many different formats. Our project deals with RINEX and TLE formats. This data is often populated with out-of-family anomalies —
including environmental interference, known part defects, and manufacturing interference—which impede accurate analysis of GNSS information. To
determine whether deviations in measurements are the result of noise or actual anomalies, we compare sensor data to prediction measurements utilizing
spatial, clustering, and estimation outlier detection methods. All of our findings, including data parsing, analysis, and visualizations, are then displayed through
our web application.
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