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 Encoding schemes explored:
» Hybrid angle, Amplitude
* Parametrized quantum circuits (PQC)
explored in constructing the QNN:
»  Strongly Entangled Layers (SEL)
» Basic Entangled Layers (BEL)
»  Circuit 5 from [3]
» ReLU activation layer after readout
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4. Improved Results From Our Model
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