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With a growing population, it is essential
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attempting to predict maize yield using 250 ] Error

genotypic markers and phenotypic 250
values by comparing each model using

200
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significant influence on the desire T Paves Actual Yield

pl?enotypes using these models Neural Net 0.141 1058.159 27.452
2. Utilize the genetic marker Figure 2: Scatter plot for the predicted yield (y- Figure 3: Scatter plot of the predicted yield (y-axis)

information to adjust future axis) versus the actual yield (x-axis) for the Lasso versus the actual yield (x-axis) for the Lasso .

generations to get a higher yield from Regression Model using only Genetic Markers. Regression Model using Genetic Markers and Elastic-Net 0.115 1082.862 25.527

their crops. (0.123 Adjusted R-squared) Enviromental Features.

(0.569 Adjusted R-squared)

Figure 5: Table showing the results of 4 regression

Mutual Information Scores models (Lasso. Ridge, Neural Net, and Elastic Net)
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