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The Purdue Data Mine and Merck Corporate Partnership
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while constructing this project’s data architecture was accompanying packages like plotly and ggplot2
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» Our development features two Shiny dashboards; one
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4 1543.505 1.359 % The cost for MySQL is around $5,000 while Neo4] is for visualizations focusing on the population of the ¢ I(j?rrel:(iflk;:l:tgi\;liig d;:t%igzt?);:nglslgji:&a :Psle;fcsl
around $3§,000; however, it is priced around $65 an study and the other depicting individual patient data Selenium fo run as a headless browser.
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