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Food is a virtual factor to sustain life. Irrigation is a key part that makes farming | |
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Why the initial soil moisture prediction does not work? How we will switch to soil moisture change prediction?
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Data Model Building Conclusion
The data was recorded by a berry farm in CA.  The raw data is noisy. Therefore, the weighted exponential moving average * Knowing soil moisture level helps preventing overwatering that wastes water
There are 7 main quantities: is used to remove noise. and drought that hurts plant growth.
* 1 dependent variable Soil Moisture, » Selected the time when irrigation was off. So, the changing rate of soil moisture o . . . - . .
* 5independent variables (Air Temperature, Pressure, and Humidity, Light Luminosity, and CO”2 Concentration), 1s directed by 5 features. * Prﬁzdlc.tmg 50}1 mpmture d1reptly is not feasible due to heavy influence by
* L paramicterim gationiControliar, * The model has R-Square = 0.83 and Root Mean Square Error = 0.8 % per hour. SRR, TGS DOLE EivTomm el o
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We have 6 months of data. imestamp soil moisture level.
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About 30,000 data points for each variable. 20210801

* By selecting the time when irrigation was off, the rate of moisture change
was determined by environmental conditions at that time.
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1.  The allowed range of Soil Moisture is (0, 100). We £ 2 4, Future Goal
dropped all points that were > 100. — : C . :
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Intal imal soil mo level :
Time 2021-Dec-27 needed to mamtain optimal soil moisture level range
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